DOI:10.16513/j.cnki.gjip.2022.0010

7% TRl g % o€ il -

B AR

[(MERE] KXW RN EAZHRKHABE AARGHEY HEHL
PIH K R, BRA By op R, AR e KB B TR A xR TR
BAE#TALMA ERLM T Hme RNEA XA L mfawl =B EREW
B XA AEARTMNGE AN T LK, EAEERR, X T
R EBERMIE ST KR, U RERZE KRG = E 20T EF
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@® Michael D. Ward, “Can We Predict Politics? Toward What End?” Journal of
Global Security Studies, Vol. 1, No. 1, 2016, pp. 80-91; & ¥ . ( & & T (19 KUBS: 24 J7 5
Sb 3 T DL e BB YA B T IO AE SR I E B A S ), R BR YA B
2017 4F55 3 1,58 1—32 BT it A CBUA B 2 T J7 A B 5 DL 2% 15000 2y
1)) B CBUR 2 5T ) . 2020 4E55 2 91,45 52— 64 T,

@ Nils B. Weidmann and Michael D. Ward, “Predicting Conflict in Space and
Time,” Journal of Conflict Resolution, Vol. 54, No. 6, 2010, pp. 883-901; Havard
Hegre, Havard Mokleiv Nygard and Peder Landsverk, “Can We Predict Armed Conflict?
How the First 9 Years of Published Forecasts Stand Up to Reality,” International
Studies Quarterly . Vol. 65, No. 3, 2021, pp. 660-668; Michael D. Ward, Brian D.
Greenhill and Kristin M. Bakke, “The Perils of Policy by p-value: Predicting Civil
Conflicts,” Journal of Peace Research , Vol. 47, No. 4, pp. 363-375.

Q@  WRUE (KBRS E bR RO A, 8 E AL B 2E), 2018 AR5 6 1,58
160—171 T3 75 e  CORBHE 2 A A S M 5 vh R0 ) » 2O A 2 B2 ), 2018 4R 58
6 307,50 172182 T ; P 3y . (5 ok O A9 RUBG: R IR 5 Ab B8 7 s —— DA i B BUIR 3h 57
ToU A FE I E B 5 A R ) B BRIBOB B2 ), 2017 4R 55 3 1,58 132 BT ; Lars-Erik
Cederman and Nils B. Weidmann. “Predicting Armed Conflict: Time to Adjust Our
Expectations?” Science , Vol. 355, No. 6324, 2017, pp. 474-476.
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SR A 2 e SO SR T M SOAR S KRB B T E R AR X — 4
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SR B SR I H s AR ME B OE A AR T . TR ) R B A AR e R e P
I T A4S Y g B 25 43 9% %% (temporal and spatial resolutions) % 2 B 44 T
fetk, JF B —Fh b SR EFE
A SCIN A 78 R E AR B A o 2 S50 Ay & J 4 2 1 b A B AE B[] 0 2 [
POASGEBE oy BRI B b B 1 TR L 2 i g TN Y 3 1A 4 BE AN AUALBR T
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TR TR FH L A R R 2 ) 4 BE L 4R T b g 0 A o R TR L
L 72 0 Xt 10 1) Bt 245 20K B 1 ) LA R w9 AR B 1) B0 A R A T B Al 5 2
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O  HMEKITIB T Z#% Michael D. Ward et al. , “Learning from the Past and Stepping
into the Future: Toward A New Generation of Conflict Prediction,” International
Studies Review, Vol. 15, No. 4, 2013, pp. 473-490; Lars-Erik Cederman and Nils B.
Weidmann, “Predicting Armed Conflict: Time to Adjust Our Expectations?” Science ,
Vol. 355, No. 6324, 2017, pp. 474-476; Yu Wang, “Comparing Random Forest with
Logistic Regression for Predicting Class-Imbalanced Civil War Onset Data: A Comment,”
Political Analysis. Vol. 27, No.1, 2019, pp. 107-110,

@ Hannes Mueller and Christopher Rauh, “Reading Between the Lines: Prediction
of Political Violence Using Newspaper Text,” American Political Science Review,

Vol. 112, No. 2, 2018, pp. 358-375.
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523 (A B 2 [ A DU IC . — 51T » BB AT WF FE 0 T B0 b B A AR i 5 v 8
By B i g T L AETE 2L T BOR A (R T SOl R RRE S
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B, © 55— 5 1, B ST G A Ge 1A 280 A A B [ ECE I A
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O  SHHE (YR S s B bR, OEPREUARE ), 2021 4F55 1 89,55 123
TUs BR8N X R 0000 ] B 06 R HIe & R 5 OO D, B R & B 5 BUA D,
2021 4F55 1 0,55 19—33 DU M B IR 3L R I (b s B i & 5 R E R,
WAL FAL B L EL ), 2018 4E45 3 391,45 145—155 T1,

@ John O’Loughlin, “Responses: Geography as Space and Geography as Place:
The Divide between Political Science and Political Geography Continues,” Geopolitics
Vol. 5, No. 3, 2000, pp. 126-137.
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@ #4n David Muchlinski et al., “Comparing Random Forest with Logistic
Regression for Predicting Class-Imbalanced Civil War Onset Data,” Political Analysis
Vol. 24, No. 1, 2016, pp. 87-103; Hannes Mueller and Christopher Rauh, “Reading
Between the Lines: Prediction of Political Violence Using Newspaper Text,” American
Political Science Review, Vol. 112, No. 2, 2018, pp. 358-375,

© B U SREOA A A S B D SR R A AT AT ) . 2021 R4 3 1L 4 31
35 7,

@  EFR A B E K I T Douglas M. Stinnett et al. , “The Correlates of War
Project Direct Contiguity Data, Version 3,” Conflict Management and Peace Science
Vol. 19, No. 2, 2002, pp. 58-66.

@ B4 [ AR AR A I B ¥ 3k I T Nils B. Weidmann, Doreen Kuse and Kristian
Skrede Gleditsch, “The Geography of the International System: The CShapes Dataset,”
International Interactions, Vol. 36, No.1, 2010, pp. 86-106.
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AR SCHE R R W S5 K L HE N T« 58 38 43 4 87 2 [l B BT A B 58 % T 2 )
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AR TSR — S L,

O (FEPERZWRE— — BB IR S IR L AR T R R A8 H AR
geerifesh e —iF — R E L) JER(AR B ).2021 £ 11 A 20 H.5 1 K.



92  [HFRBHAERE (2022 £ £ 2 B

— .\ PREVZ[EHKE

25 AR R P X T 61 B 06 3R 2 2 oK B 0T AN J& — S B AR I AE 8, 7 0 )~
LR (geopolitics) 74 B i Ji& [ s 3¢ ZR 400k ) — 4~ 40 Al . O [ P 6 R
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(Geographic Information System, faj # GIS) £ AL i) s 1 /3 45 048 Ty 22 & %
T3 ) RCHE B AR I T TSR R 3k ol B AT AR 2 v K 0 e 22 R Y i 3 IR
EHUAEESARREN T L.

YL F B « B H] (Clionadh Raleigh) . 22 %0 « @ 4% ¥k (Frank D. W.
Witmer) f1 25 « B %Ak (John O’ Loughlin) th &, i1 58 1) 25 [a] 43 #7 7] DA #%
VG Sy =AU 5 — PR S AR S 1 58 L R R R I RN
™1 50 =, N BCTE I K2 IR ECE 2 1Y 22 5 M (sub-national/local
variations) , ¥ BRI WFITEB REGE T8 1H vh R IV E R G (2 HE IR PR
ety B A R R 1 22 G Hl I e i = RS A b 3 s ) b 8O L i R S 43

@® Colin Flint, Introduction to geopolitics, New York: Routledge, 2006.

@ Nathaniel Beck, Kristian Skrede Gleditsch and Kyle Beardsley, “Space is More
than Geography: Using Spatial Econometrics in the Study of Political Economy,”
International Studies Quarterly, Vol.50, No. 1, 2006, pp. 27-44.

® Kristian Skrede Gleditsch and Nils B. Weidmann, *“ Richardson in the
Information Age: Geographic Information Systems and Spatial Data in International
Studies,” Annual Review of Political Science, Vol. 15, No. 1, 2012, pp. 461-481;
Jordan Branch, “Geographic Information Systems (GIS) in International Relations,”
International Organization, Vol. 70, No. 4, 2016, p. 845; Kristian Skrede Gleditsch and
Nils B. Weidmann, “From Hand-Counting to GIS: Richardson in the Information Age,”
in Nils Petter Gleditsch ed., Lewis Fry Richardson: His Intellectual Legacy and
Influence in the Social Sciences, Springer, Cham, 2020, pp. 73-85.

@ Clionadh Raleigh, Frank D. W. Witmer and John O’Loughlin, “The Spatial
Analysis of War,” Oxford Research Encyclopedia of International Studies.11 Jan.
2018; Accessed 21 Aug, 2021, hitps://ox fordre. com/internationalstudies/view/10.
1093/acrefore/9780190846626. 001. 0001 /acre fore-9780190846626-e-485.
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e bR B Bl 4 b 48 R P A T ng 3 b Bl AR B - sl
$i (Benjamin A. Most) F1I& 4t « #r3 /R (Harvey Starr) £ 1980 4 & F 1 X
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@ James D. Fearon and David D. Laitin, “Ethnicity, Insurgency, and Civil War,’
American Political Science Review, Vol. 97, No. 1, 2003, pp. 75-90.

@ Lars-Erik Cederman. Nils B. Weidmann and Kristian Skrede Gleditsch,
“ Horizontal Inequalities and Ethnonationalist Civil War: A Global Comparison,”
American Political Science Review , Vol. 105, No. 3, 2011, pp. 478-495.

® Benjamin A. Most and Harvey Starr, “Diffusion, Reinforcement, Geopolitics,
and the Spread of War,” American Political Science Review, Vol. 74, No. 4, 1980,
pp. 932-946.

@ Nathaniel Beck, Kristian Skrede Gleditsch and Kyle Beardsley, “Space is More
than Geography: Using Spatial Econometrics in the Study of Political Economy,”
International Studies Quarterly, Vol. 50, No. 1, 2006, pp. 27-44.
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FI R b 50 58 W5 1 25 ) B CRITRE FE L A% | B 717 b IXC 45 ), 3t 35 Bl ] B
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Koren) A1 %% 3 « % 1 % ( Anoop Sarbahi) B AL T E K e f1 31X — & i
BEASTE NSRS g I 5. A A4 . BE A A0 5 00 A9 i 1 51 5K RE 0 i 4R

(ORNEE IR EESTEMEINVE = 2 70 MQa T2 AR E S 1A P S U s E SRR LB 7
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@ Michael D. Ward and Kristian Skrede Gleditsch, “Location, Location, Location:
An MCMC Approach to Modeling the Spatial Context of War and Peace,” Political
Analysis, Vol. 10, No. 3, 2002, pp. 244-260; Kristian Skrede Gleditsch, All International
Politics is Local: The Diffusion of Conflict, Integration, and Democratization .
University of Michigan Press, 2009.

@ Kristian Skrede Gleditsch et al. , “Fighting at Home, Fighting Abroad: How
Civil Wars Lead to International Disputes,” Journal of Conflict Resolution, Vol. 52,
No. 4, 2008, pp.479-506; Kyle Beardsley and Kristian Skrede Gleditsch, “Peacekeeping
as Conlflict Containment,” International Studies Review, Vol. 17, No. 1, 2015, pp. 67-
89; Kyle Beardsley, Kristian Skrede Gleditsch and Nigel Lo, “Roving Bandits? The
Geographical Evolution of African Armed Conflicts,” International Studies Quarterly .
Vol. 59, No. 3, 2015, pp. 503-516.
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@ Ore Koren and Anoop K Sarbahi, “State Capacity, Insurgency, and Civil War:
A Disaggregated Analysis,” International Studies Quarterly, Vol. 62, No. 2, 2018,
pp. 274-288,

@ Drew Bowlsby et al., “The Future Is a Moving Target: Predicting Political
Instability,” British Journal of Political Science, Vol. 50, N. 4, pp. 2020, pp. 1405-
1417.

® Havard Hegre et al. , “Predicting Armed Conflict, 2010-—2050,” International
Studies Quarterly, Vol. 57, No. 2, 2013, p. 250-270; Havard Hegre et al. .,
“Introduction: Forecasting in Peace Research,” Journal of Peace Research, Vol. 54,
No. 2, 2017, pp. 113-124; Havard Hegre et al, “VIiEWS. A Political Violence Early-
Warning System,” Journal of Peace Research , Vol. 56, No. 2, 2019, pp. 155-174.

@ Michael D. Ward, “Can We Predict Politics? Toward What End?” Journal of
Global Security Studies, Vol. 1, No. 1, 2016, pp. 80-91; Michael D. Ward. Brian D.
Greenhill and Kristin M. Bakke, “The Perils of Policy by p-value: Predicting Civil
Conflicts,” Journal of Peace Research, Vol. 47, No. 4, 2010, pp. 363-375; Michael D

Ward and Andreas Beger, “Lessons from Near Real-Time Forecasting of Irregular
Leadership Changes.” Jouwrnal of Peace Research, Vol. 54, No. 2, 2017, pp. 141-156;
Michael D. Ward, “Do We Have Too Much Theory in International Relations or Do We
Need Less? Waltz was Wrong, Tetlock was Right,” Ox ford Research Encyclopedia of
Politics, 27 Jul. 2017 Accessed 21 Aug, 2021, https://oxfordre. com/politics/view/10.
1093/acrefore/9780190228637. 001. 0001 /acrefore-9780190228637-e-301; Andreas Beger,
Richard K. Morgan and Michael D. Ward, “Reassessing the Role of Theory and Machine
Learning in Forecasting Civil Conflict,” Journal of Conflict Resolution . Vol. 65, No. 7-
8, 2021, pp.1405-1426.
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1177/0022343320978695; Halvard Buhaug and Kristian Skrede Gleditsch, “Contagion or
Confusion? Why Conflicts Cluster in Space.” International Studies Quarterly, Vol. 52,
No. 2, 2008, pp. 215-233.



106  [EBRBAGFEAE (2022 £ % 2 M)

HuIX o AL R R B BIE S AT LA B 3t s 7S SC B F 5 B AR 37 R A AT IR K
HWIX . FEME R X b ARSCR RIS P R A BN, SR, T i — 2P R
AR SCHE Y A AR, TR SORE LA ] 20102020 4R A B R R B4 b g€ 10 g 41
HEAT UL

SRS He A F) A Ry S840 B AT B B BE P (5L 2 2R G T 4 e ) [ N
MR A B E S, B A R S N SR e R KR E R —
PRI ARG e 2 T — X DA e ke o L AR ORI L T A A A ) R A e 1 R B T4
i s UM 445 RO LB Rl a7 2 1] A e w58 e e 4 AR () ik ads A A7
SR BRI ) (1 5% g whg . O DRt T00 1 1 Jmp 4R 4ot 2 4 11 o 5 KRS
G X T A HE IR R 11 b 5 TV BF 5 T ST R DR L A SR A A 3 R A T K
AR 2 UOK e vh 5 FEAT UM L B2 2R 25 1 IS Y B SE T SC, TN D i I O A
Ko — ELANIBT L I A ZAR B ORISR 9 T7 5 . PR AR R R Z T
00 e v 5 B AR K A ) AN IREBIL L AR T B S5 LK g R P R —
A — AR L TP ) B A AR A T T R M DX R ERE R B 2 2 B
b S EAE BB SRR b Al A B 7 2 T I ) 2
TA DAL o 845 2 1) DG T L O 1 R sk, L A R 300 4 ) 4 b e Xt 3R LA A
e B B S TR S SR AR P A AU A AT — N R BT E Y
Hh BN 4 22 5 A R 0 SR EOR . DRI AT R N 4 ) B BGOSR
PFREAT 2 GE T AT JE A FOI T 5%, DA THT 52 BT e 5 S 1 1) v il L B I PO L A
RO A 5 AU

(—) BiESZTE

o R R 2 wh o b S RN B S I H 7 (The Armed Conflict

@ HIEEMG I CE KRR R 40 B IRBUN SRR A E X RIER ), Bl
RRTE),2018 4E55 4 B, 56 30—39 i,

@  RAEE SRR F A Ll R A A ) 09 22 U R L R AR BT 2020 AR
KB AR ) 3R BN BE P 2 AR SE ), 2020 4E5E 2 3,45 138156 1T,

® BRERE KT &7 EH P E AL A28 R BUE KU P 4 ] 5 1 A F
FOLWIE R B, 2R PR3 ), 2020 4F58 5 11,28 161176 W R . GHEHE P
o (A — B RESR T B 4R 2 UL R R I . R A LT Pk AR S R ) L 2
WAFFE), 2019 448 4 ] ,58 112—133 11,




ZE MRS K el 107

Location & Event Data Project, fiiff ACLED) , O3k — ¥ #t EiC# T B 1 F
PR R A W 26 BE VB T] AT IR T NBCSEAE B B N 1997 AFJF 4R 14 W A o
EREA X, FATTHE I A R IR R 5 B 2 ) 3X T o 58 2 A g
R, 78 2010 4E 4 F 1 H-—2020 4E 9 A 30 H . ACLED %48 /% v 4ii fa) 45
FHIE L 5% 5675 K.,

Bl 4 s T ACLED U4 i JIr i S5 1) 4 fa) i € = 424 (1 BF 1] R 233 18] 2977 .
FER[R] 7304 b B 4 ) o 1 g 7E B 502 I E L TR 2010 4F 4 H—2020 4
9 HILFHEAH A wh o F R & A ORI AR vh 58 (R K 3 n . 4R
M7 s DN 2 W 43 A 5 L A Ca) I AN B Mt T 3 390 1) 46 i) o 28 199 2 () L A 43 A1
FRAE . PRI P A4 Ch) FRATT 38 4 B — UK ol 9 45 S5 281 40 ) X6F 07 ) 22 45 32 31
g e B o€ S B ] S Y R R R AR RN S MR AR AE . 4, P A A
TP (Rakhine) , Z5 638 #4972 4% 95 (Kachin) 45 77 16 8 22 B9 vh 5 FE 4, T op 3
LR

GRE T Q70w N NG v - B L1 < (S 1 3 VT O A 50 5
M X 7E PRIO—GRID 4 h— 34k 5350 1 265 M 3B A% . SR EUMARAE R
b B3 (1) B 3 A A b B 9 R L A T 40 ) 63 > 40 A T 1B XK B Ry A B
e K e T A ) A PR AR B RDRE BE L, AR SCOR B BE AR SR 43 AT B B 1D
B, 108 AR SC B TR 2 BE A F 9 L AT B R Y B R S OBk E, AT
KAET 2010 4E 4 A 1 H E 2020 4F 9 H 30 Hix—mf B, 4t 126 ~HA M
ALCED i J22 v 56 4 f) (9 BT A AH DG Fi A, © g AR SO IR 9 48R 7E T Tl
) 55l CREAS R AR 8 5 B R — A ) & A= ofrge (0 A8 35 TR I F 5 19 9 7 2R
{3 Cunit-of-analysis) &k H T “M 4% —H (grid—month)”, X #HAE 5, A
—HFE T 33390 MWLM (observations) . @ FI ] GIS # A, Fe /i1 3 — 2

O &% https://www. acleddata. com/,

@ AR RKZRBIKAZENZR.SHE I EH XN A4 E AL
POt T 5 24 il 5 —— T oK Al I H A SEE 43 BT ) B R AT 5 EA ), 2021 4R
5011 1.5 3866 BT IR (i 4R Bh 43 BO A BOVA ST — & 21 ik rp 4R AR
H 28 0] 25 480, R R A U 5 BUR ), 2021 458 9 5,58 102—127 Tt

QPRI b AT AT AR ECLAJE Ay BT B R R IR

@ 265X126=33390; QR FEERZW N 64818 X126=28167068.,



108 [EBRBAGFEAE (2022 £ % 2 M)

[SSTRE ST S 2 ]
S N A

Sy
S (eeh)

—_ =
~

—_
[\

—_
(=]

oL ., . . . . ., ., 94 96 98 100
06/10 06/11 06/12 06/13 06/14 06/15 06/16 06/17 06/18 06/19 06/20 YARE (F42)
I 7l ) )
(a) 4l v 2 i ) 73 A (ORUEE P Xiil

4 MEAMRHEHESHE

T 22k AE# A
B 40 JBAR T Fiif) 2010 4F 4 A —2020 4F 9 B RAEM R F a3 i, B A
SRR MREM P (RL BN E . B OaREEE R ITIEE#E B Havard Dataverse 2,

B3y 5675 Y S S S B AR Y A% RH DR G L 0 R S B — A R A%
TEHEH 25 vl e g b iy 1527 AR — A 7 B kAR kb g,
2 (5 LI B R 4. 6 %0 . ANt FRATTA B T AW 5 1 IR AR i
R0 ER— DR 75 HREB S w51y 42 & (dummy

variable) ,

(=) ZESRAREF

MR R e O, FRA T3 8 7 LU R A8 e S T A8 i, — i . FR AT
A PRIO—GRID %46 . %) 0] 68 5% Wi wh 58 45 & 1) 11 9K Hb 3TN SCHi 33 PN 3R
PEAT T, e B AR B B B Ccapdist) I8 T A% 1 Ho 0 B B AR AY B
B CTKO@, R B T L BB #0800 AR, e BOUR 48 Y BE 7 — i

O BEob(HLe oraE AR E N b e B9 FE R S — 3k T i s AR IR O BUA B
FIHIAHT Y, 2R R4 3 SR Y L2018 4E45 8 ML 46 94—127 W1,
@ &5 WA PRIO—GRID Xt R (4 2 %



ZE MRS K o ge gl 109

R R PRI T X — 78 1 S i T e S IR X T M O Y 52 e g R R D Y R 5
AL, XA v BE S S5 U i b 408 ] 32 R B B (bdistl) 35X — A8 B i T 2
b 308 408 ] A e AR B LR A B Rl T R L 481 Cagri_go) AR AR 3R
1 B EG ] (forest_ge) WA A% 3 117 Ak 7K 5P Curban area) | 19 4% Hh (1% 7K 3 1 £
L (water_ge) LA B I AE o A T 2% H 4} (rainseas) X — 4175 B 2 7 (A% (1)
FEARRAE | S T b B ERBE X AL 16 2 19 5 . Ok, SEDAC Bl i
1 4 R 2% R e 5 351 H (SEDAC Global Poverty Mapping Project) , #2 4t 7 %
e L LUR LE S 3R B9 B Cemr_mean) B4 L X — B3 B e i J2: 24
Hb 2000 AR F 5 A 7KSF-, AT LA o ofr 58 5000 oh T (preexisting) 19 2 K
W, S —Jrim L, AT AE AR 2R EEEH TAawERAKTFERER. 448
FI 2835 R A 2 30 T R R IR AT e B0 @Rk SEDAC AU e i A H 8l
%tﬂ]ﬁ%;?ﬂ*%?u\iﬂﬁj\i@ﬁlmﬂj‘ﬁ DAL AE R 26 3 & S /KO 5 [ 5 4
il 58 1 AR AR
R T Za i O A% 2 T B s T R A ) AR S A L AR SC 43 S0 6 i A B
25 3 M5 I g sl AR AT A% G0 B AR I IAS H  3ROR LA ) & D5 I el R AR
REBEA R, BAOTERAZ &G (lag) T =W (A H) Q18 T M A s
Fise Gar—1) JRIREoh 25 5 Giye —2) FTRORS vh 28 7 4 (G — 3) 3% =448
WL AE M R A R A Mg LS = A EE%F{LP
M = AMEAS HE 6T AR B AR 1 pp oS ik — A R FRATTORIT £ SR
AR 7 i TR K R 350 TR N IIE Y 10 (& =10) 4> 45 4

@O —LEPFFT NN R R B AR B SR TR AL B M AL 2%, Al A5 BOR XE LATE
IS5 A 0 M X AT A AR i, DT A R T IR LA U BB 2 WL James D. Fearon
and David D. Laitin, “Ethnicity, Insurgency, and Civil War,” American Political Science
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